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' Recent Research Advances on LLMs for Education

a

\Y

Agenda

1. Introduction
2. Overview of Recent Research

3. Key Papers Reviewed
o Student Engagement with Al Agents

o Affordably Fine-tuned LLMs
© Bridging the Al Adoption Gap
o Al-Driven Assessment for LLM Prompting Skills
o Al Literacy in K-12 and Higher Education
4. Synthesis and Common Themes

5. Implications for Educational Practice
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Paper 2: Affordably Fine-tuned LLMs

Key Findings

e Fine-tuning Improves Performance: Smaller models (7B parameters) when fine-

tuned outperformed larger generic models (70B parameters)

¢ Quantization Maintains Performance: Reduced computational resources with
minimal impact on accuracy

¢ Resource Efficiency: Effective fine-tuning accomplished with modest computational
resources

e Content Correlation: Strong correlation between fine-tuning material and question
content accuracy
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Paper 2: Implications

Smaller, fine-tuned models can outperform larger generic ones, making advanced Al
capabilities more accessible to resource-constrained educational institutions

e Challenges the "bigger is better" assumption in language models

 Provides a practical roadmap for educational institutions with limited resources

¢ Suggests leveraging existing educational materials (e.g., textbooks) for fine-tuning

e Democratizes access to Al-enhanced education, potentially reducing disparities
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Research Proposal: Advancing LLMs for Education

Advanced Personalization Algorithms

| Knowledge Tracing with Transformer Architecture

We propose a novel approach to knowledge tracing that leverages transformer
architectures to model complex dependencies between knowledge
components:

Plepr1 = Ll et Qrier1) = o(Wo - Transformer(Ec(cy.0), Eq(Qr:e+1)))

Probability of correctly answering question qy..; given history of responses ¢ and questions g1

Current Research Status

Traditional knowledge tracing models like Bayesian Knowledge Tracing and
Deep Knowledge Tracing have shown promise but struggle with complex
interdependencies between knowledge components. Our transformer-based
approach addresses this limitation by capturing long-range dependencies and
contextual relationships.

Research Proposal: Advancing LLMs for Education

Research Proposal: Advancing LLMs for Education

Adaptive Content Selection Algorithm

# Pseudocode for Adaptive Content Selection def
select_optimal_content (student_model, content_library,
learning_objective): # Calculate knowledge gaps knowledge gaps —
student_model.identify gaps(learning objective) # Calculate optimal
challenge level (Vygotsky's ZPD) optimal difficulty =

nt_mastery + student_model.growth_factor # Find content
at optimal difficulty candidates

ter ( knowledge_components=knowledge_gaps,

_difficulty,

modality preference=student_model.preferred modalities ) # Select most
relevant content using multi-armed bandit approach return

thompson_sampling (candidates, student model.history)

Evaluation Metrics

* Personalization Efficacy Index (PEI): Measures alignment between
content and learner needs

® Learning Efficiency Ratio (LER): Time to mastery compared to ° °
personalized approaches

9/20

Research Focus: Multimodal Learning with LLMs

Multimodal Large Language Models (MLLMs) offer transformative potential for education by processing and generating content across multiple modalities, creating

richer and more effective learning experiences.

Key Research Directions

* Cross-Modal Translation: Converting between textual and visual
representations

* Multimodal Integration: Combining information from multiple sources

* Eye-Tracking Integration: Using gaze data to enhance learning analytics

* Multimodal Assessment: Evaluating learning across different modalities

Current Research Status

Recent studies by Liu et al. (2024) and Zhang et al. (2024) have demonstrated
promising results in using MLLMs for educational content generation, but
significant challenges remain in ensuring cross-modal coherence and
pedagogical alignment. Our research will build on these foundations while
addressina critical limitations.
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Educational Applications

* Converting textual descriptions to visual diagrams in science education
* Generating explanations for complex visual concepts

* Creating multimodal learning materials from single-modality inputs

* Analyzing student work across multiple formats

* Providing feedback that integrates visual and textual elements

Case Study: Science Education

In preliminary studies, we found that students using multimodal learning
materials generated by our prototype system showed a 27% improvement

in conceptual understanding compared to those using traditional Q 9
materials. with particularlv strona aains amona visual learners and en
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# / Welcome to Virne’s documentation! View page source

Welcome to Virne's documentation!

Overview

Installation )

®.Virne Logo

Key Concepts

Virne is a comprehensive simulator and benchmark framework for Network Function Virtualization
Resource Allocation (NFV-RA). It provides a flexible and extensible platform for researchers and

GEEE ey practitioners to develop, evaluate, and compare various NFV-RA algorithms.

Core Components

Network Model

Evaluation Metrics Key Features

TORIALS « Modular Architecture: Easily extend and customize components

+ Comprehensive Algorithm Library: Includes heuristic, exact, meta-heuristic, and learning-
based algorithms

« Flexible Network Models: Support for various network topologies and attributes

Implementing Custom Solvers « Standardized Benchmarking: Fair comparison of different algorithms

« Extensive Metrics: Evaluate performance across multiple dimensions

« Visualization Tools: Analyze results with built-in visualization capabilities

Basic Simulation Example « Reproducible Research: Ensure consistent and reproducible experiments

Quick Start Guide

Configuration Guide

Algorithm Comparison Example

Getting Started

Advanced RL-based Solver Example

To get started with Virne, check out the quickstart guide.

MAZBLEE, BTETHEREEEXN. POFXEFNANMERERAER, ATHEBIEE, m
BR#m T XHEARE, Bt T —EREMATEN#EE. Readme.mdhEli DB HHHZIER &
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BrTRHEER:

Architecture Overview

Overview

Installation
Virne is designed with a modular and extensible architecture that enables researchers and

practitioners to simulate and benchmark various Network Function Virtualization Resource
Allocation (NFV-RA) algorithms. This section provides an overview of Virne’s architecture and its
key components.

Key Concepts

B Architecture Overview

System Architecture

System Architecture

Core Components

Design Principles . X o
Virne follows a layered architecture that separates concerns and promotes extensibility. The

I e (i architecture consists of the following key components:

Core Components

Network Model ( - "
Initialization
Evaluation Metrics p .
C config
JTORIALS

Quick Start Guide Vo
( dataset )
_ J

Configuration Guide

Implementing Custom Solvers

- C loader

Basic Simulation Example

Ve s ) ( v ™ 14
L scenario /,‘ Base ( Controller ) Counter )( Recorder
J \

Algorithm Comparison Example
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Basic Network Model

Core Components

B Network Model

Basic Network Model
Extended Network Model
Network Topologies

Evaluation Metrics

Quick Start Guide

Configuration Guide

Implementing Custom Solvers

Basic Simulation Example

Algorithm Comparison Example

Advanced RL-based Solver Example

Cuatnm Natwnork Tannlnniea

Basic Simulation Example
Setting Up the Simulation
Visualizing the Results
Running the Example
Complete Example Code
Expected Output
Next Steps

Algorithm Comparison Example

Advanced RL-based Solver Example
Custom Network Topologies
QoS-Aware Resource Allocation

Performance Benchmarking and
Analysis

Extending Virne with Custom
Components

Base Module
Solver Module
Data Module
Utils Module

In Virne, networks are modeled as graphs with nodes and links representing computing resources
and communication channels, respectively.

System Model

In NFV, user network services are virtualized as virtual networks (VNs) and physical infrastructure
is represented as a physical network (PN). The system model in Virne consists of:

« Physical Network (PN): Represented as a graph Gp = (Np, Lp), where:
o Npis the set of physical nodes (servers)
o Lpis the set of physical links (connections)
o Each physical node n,, € Np has computing resources C(np)
o Each physical link I, € Lp has bandwidth resources B(l,)
« Virtual Network (VN): Represented as a graph Gy = (Ny, Ly), where:
o Ny is the set of virtual nodes (services)
o Ly is the set of virtual links (relationships)
o Each virtual node n,, € Ny demands computing resources C(ny)
o Each virtual link [, € Ly demands bandwidth resources B(l,)

WOUN UHUUYI T U1 I UUGO0 SIGK My SIGN; SAPIGH IIY ST LUITPULISEHIL GEIU 119 Ul USS.

Setting Up the Simulation

First, let's import the necessary modules:

from virne.base import BasicScenario

from virne import Config, REGISTRY, Generator
import matplotlib.pyplot as plt

import numpy as np

Next, we'll define a function to run our simulation:

def run_basic_simulation():

Run a basic NFV-RA simulation using the Node Ranking Method (NRM) solver.

print(f"\n{'-"' * 20} Basic Simulation Example {'-" * 20}\n")

# Step 1: Create configuration
config = Config(
solver_name='nrm_rank', # Using Node Ranking Method
p_net_setting={
"topology': 'waxman',
'num_nodes': 50,
'wm_alpha': 0.5,
‘wm_beta': 0.2,
‘node_attrs': {
'computing_resource': {
‘distribution': 'uniform',
‘low': 50,

Kl FCase2, HEtAManusEIREMIEXRIPDF, REERM TLaTeXH8, EFREHT100%
W, IEXEEM, NERES, EEXHEMHE TREIMEERELMNBRAT., EHFNERE,
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Market Opportunity

A Growing Need for Innovative Solutions

Market Size & Growth $7.28

. . $5.68
Global special education software market projected to reach $5.6 saom
Rising prevalence of autism spectrum disorder ( c in the U.S.) $2.88
Growing recognition of emotional intelligence importance for life success
Shortage of qualified special education professionals creating need for
supportive tools
2022

2024
2026
2028
Global Special Education Software Market Growth

Key Market Drivers

gL y i for i i Advances in Al emotion recognition capabilities

Increasing insurance coverage for developmental interventions Growing acceptance of digital tools in educational settings

EmpathLeam Al °

MRAZB LE#KiR, ManusBRILETERAME. FmPIIETITHSERAR, BIrAFPREE/ILE, i
BEXE, A, URERETELELHE, CEREERN., L, BTRBERHXTHEA. W50
=8, BIEARBNLIRTBER,

Empath earn Al Features Demo  Testimonials Get Started

Experience EmpathLearn Al

See how our platform creates engaging, personalized experiences that develop crucial
social-emotional skills.

Interactive Social Scenarios Y

Our Al creates personalized scenarios that help children practice Scenario: Your friend looks sad after losing a game.

How do you think they're feeling, and what could
situations. The system adapts to each child's unique needs and you say to help them feel better?
provides supportive feedback to encourage growth.

recognizing emotions and responding appropriately in social

. D * o
Try the interactive demo to see how EmpathLearn Al helps children A @ A @
develop emotional intelligence through engaging, supportive Happy Sad Angry Surprised
experiences.

[ —— @&
Request Full Demo

KXFigitR, NIIBAMSEELRENN, ERSAEFERE, RSIRHEAERT. ERE—TH
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AgenttZO\BEH Z—, WLilian Weng's Blog) , i@idplanning, AgentfZigE IS FBIR, HIA
BB AN EEIARZLBMNERRE, HFAIMERTEEFRRBER, EMitLl. ManushiiizeE
KA—MBERMEPlanningX, BEFEXR, EELEBRBFEE#MERLong-term Planning (8
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Editor

4. Building a website demo to showcase the core idea

Creating file
Let me get started right away. I'll keep you updated on my progress.

4 Knowledge recalled(2) v
Modified

Research Al education market trends ~

Starting to research Al education market trends to identify promising startup

ults on 2025 Al

A, todo.md XHEEFESUFEEER, MBERBEMR—R. MIRN—BEER, HITIRE
B, ITXGHYNBEATHEEE, REMERTHIRS. B9, FEE—TchatE, 44
Bla), BMEESREZR, ManusHASEREIEFA todo.md X4,
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Report and Slide on Recent LLM Res... (1 Share &) ¢ -

Manus's Computer

For the slide, you should carefully arrange the logic and content 5 Search
of note, while implementing it professional Ul desin Searching

¥ Manus

B . N ® Student engagement in collaborative learning with Al agents ... - arXiv
I'll help you prepare a comprehensive report note and professional slide

presentation on recent research advances in LLMs for education, focusing
on arXiv papers published within the last week. I'll get started right away ®  Affordably Fine-tuned|LILMs Provide Better Answers to Course .
by searching for the most recent relevant papers, analyzing them in depth,

and creating both deliverables for you.

v Search for recent LLM education research papers on arXiv ~ ® Bridging the Al Adoption Gap: Designing an Interactive Pedagogical ...

Starting to search for recent arXiv papers on LLMs in education published
within the last week.
. @ [PDF] Al-Driven Assessment for LLM Prompting Skills Development - arXiv
>-] Executing command

Searching for recent arXiv papers on LLMs in education published within the

last week. ® None of the Above, Less of the Right Parallel Patterns between ...

Q| Searching

Found several recent arXiv papers ¢ N Vs in education published within the

) /A -y o
last week, now examining their content. @ Al Literacy in K-12 and High

> Jump to live Wake of Generative Al

) Browsina
K DI

BEl eS8 e ARESED

AHRATEREDR, MRBEFEUABRNEBNEBRNRE, ManustEDNTFRKARBEIMIERE, &
FilelRaiE, BEUSAeiriIEMAFNEE. B, GTRICIRIIFE—1F, ABARIURIERE, SIAML
BRI, EMERESBMNHEERN, EARBEDTHERNERR,

¥ Manus

I'll help you prepare the presentation slides and poster for your WWW conference paper on LLM for
Education. I'll create professional, tech-style designs in dark mode with university and company

logos, and include the figures and tables from your paper.

To get started, I'll need some information about your paper and the presentation requirements. Let

me set up a working environment first.

13
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Reviewing the benchmark paper to understand the Virne project's purpose and features.
2) Browsing

Reviewing the benchmark paper to understand the Virne project's purpose and features.
a) Scrolling down

Reviewing the benchmark paper to understand the Virne project's purpose, features, and research context.
2) Scrolling down

Continuing to review the benchmark paper to understand Virne's architecture, features, and research
context.

2) Scrolling down

Continuing to review the benchmark paper to understand Virne's architecture, design principles, and
technical features.

2) Scrolling down

AgentiiTith&E&
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FIRER SR, MEAMIRENTT R, TAMS, FNEIMMNTBRRAINZREERELE, BF
HREFELSR, —#EABF. LLM—EERELBICT ARNMASE, Agentl#—SrgEE T A
AUEHHRE.

Agent;ZBTREEN, PITHALH

TAME, HESENEF R, RZBMENTEN, BNEREL, AUBEXKTHAIEEM. B
AgentZ{TRIMNE A, BEFK, EREBZEMNME, REER—TNEI—NERLE. TiEHE
9FR, AEBREIRIEIRISHIIGRE, 1BINEME, #MEZS T —DHMHnmE.

& T General Al Agenti™= miz7SAY AT BE M4

Computer use/ GUI AgentfIf: 2 TARRERIZH AL, SIFHHNMRASR, EEManusZ 8l
EREELHRNEMNARLX, ManusE/XIEENTMNEXER T HX, MREFNREETSBRAFE

A, ERR T —MARMGeneral Al Agenti= @Az SHIATREM ., MAES, BEXER, BHERER
L, Sandbox®] RiEIAE], WChatGPTENXELLM ChatBothyr=mIBZ—1E (JLFEMELLM
[T EHChatBotHEERFML) , SiiFManustt B S| FLLMETXAgentiIF= BFEE.

2.2 Manushyfi=

ERE A ER R AFE

INIZKFREITEIBE, ManustRA4EE T LLMERIRAAIMA ZSMDE, WIRMR. EREEIE
BARE. RKXBMMEEEKR. SETSENRIRE, AITEIRES, JIERI[IAESTEWIRAL, S
RAGRREM THPEHRBETE, XLERIBBRKEE RMBEL, EIEMMERERHE—TRK,
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TRt BRI RERFRE T R34

FEIAREKFE—ENERT, Manustt FEBEEZ T2 ERIFRMAT mifLe, FIHAERERE

F, BRI AIE, —EContext Lengthid KiifELlE, LI FEZRIESE, ManusZEH
ITEI—FFERContextim Bl MTEEES, SRREAIR=REEEFENIEL. XFE
AESMMContextBIBNEI, LbalLong—term memory & RAG, —2Agentifs%k, EESHITEIE
TR, RFSFE, BRBFRART (WEERITHHRABIS) , HEEFEITHE. FRTH
EFRFIREIRTZIN, Manustt BEBZMRGEAMEZMAMREASH A THRAFPAR, =28
ELERPRSIRTAAEEE ., MManus TERIEIRY, AtEMEMSEE. HITEREDR, ManusFIEEELRD
W ARERE, EEUIMIEURLE S AH. BERARFRTETHEN, SHEEERBRAEEESES
BN, BIMMERE XA ARBE, E—RERREARSPHEERSSE, EBLAE T —
=, EUl & UXFHE, Manus@BRAMAEIE,

FRERBGUISIRRAS B

Agentd FEAFHIFRMHIFE, ARNARRBREN, HAA—EBHAY. AgentTHENIREMFR, BitE
EER, EXEAMAYSESSHESRIE, B2, ClaudeWIMCPRR T — 1 "Agenti@
EREMIVEIN, LEGUIEMSK, LEAPIEMZM, EHAFAMCPRERAgentsEY,

BREATITA, RRRERFAZEEKR

IEON= mFRE XA, ManustiSERINE T —ERBRAMY, BEBHEA—FMBZMES., Am, BTEE
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9F.

SRAFPMAXHIREHRT

Manus{hAERERIR, SAPNAMEXEHNIREENET, FE2RF Fojmidt LERXER . X
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TMES LT CERTIR, At AR AREIERTL, OSEERAgentEREZENMAMES MW, B
Izt R AF AP EESR, BD T ANGE, BhthEHETE,

2.3 S ARIFRELR
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—MIREEIERE, ManustYHILXHERENERIEH T, ManustHih FRER HAIBENFERE B
HHERER . AMAIREERL AR B E055M, ELES ChatBot AR ITEERZEI—EMN
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WHAES, MBEETEABLNMERIMTEER, SMNRBERSAARZER. L, ABBA
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ERER 555...

2.4 Manusiy38

XFRAR—AEIFE L TRERE

‘ERENManusR ZIEIR 2 —, EARENA, BEMEESOTAMERXINH, mETARNE
BERAHLZNEO, BEREFNE, ARE(]HEEManusEZlIUDeepSeekg il Bl RAYF AR SE,
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CUDAE FII¥RiEsR, KreasHllPytorchZHREZE S FEFER 7 AMCABAISEER T4, #HILLMAYEHIL; &
MIBEXRM, REZFIE TData Miningf AR B AH “ER "SR FIRESHE, BXEEHTA
RARESMZE THNEZM, EE—F, Manusi§LLMFIComputer Use¥ =M, BHIFiLEE
ABEBEFEREMERAL, ERAINERME, ERE, XBGAR? ZU—PNFANAI Agenti™m
hEIEHE, EMIBFEETRETLNER, EFEIRERALNAAS A, BEMEXRZIINERIK
. Manus{i2EEMADREAEN., ZEFO0pen-manus/ OWLESLIE W B RSB AL, 1t
(WIVRERIEE - SAg Ny N

XFEm—RATEH—RER

RARTZWE—TmEER, RARDNSTmAHAHIEBMIELL, FRNAMRE, 33T General Al Agent, Bl
ENHFHRE, RAREEMTH TER. AWM, EZARS TARKEREDETERE. WEPRFMN
RiFZRNREREZEERFER, FIEERSTHP = mR a2 RN ENER, BERAK]
mae (R, ManusiRiE L4, RIFA, MEISMARRES, BRRTHAITHEEE. LI, AP
M. EHRE. FERERE. AURBHETmREHN—D, BEFTEEMRET,
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XTFEW—RXTRI), BERFE

XEIEHIEEManusBiB AEBANAE R, X TFStartupMs, AIRIEERRE~RBE —TRER

E. TREAHITESHAFPRKRABIER, KASIWAERESHHEL, MURLATFEREE, Tij
FEFRREEHH 7 ¥ m. ManushUIZERIHIGRI%F4L, Cursor/ DeepResearchf&R 7 EH W

iFAgentS NFHHEF= DAL, FiBEIIMGeneral Al Agentf3iIREARL, OpenAlE— BIRE
ZIRAITE THER., BEER, ARBPESFFESOES, RSERAERABHRHA (KERLLAR
9238, Computer UselENEE A LAE L, MCPASHEARE...) . XIE, Manusiti@ T, BAT

FE—PIZEEEIA, EEMEEE L, GPTEESEEITU, SORAEMSNAEMIIE, MManusTEiBA
Al Agenti™= REIE Lg% —4, #7358 T General Al Agentf5E 2, BILATAM, XXX-ManusZ &G iR
¥k, toh, BEHEER, LB FManusBEFRRMAKRELT B,

XTEH—CRRRBHEEEF

FE—REIXTManustIITFMIAEB RS K, BEMEERARRERManusH A EES DeepSeekH R, KA

I2{fEManusZGeneral Al AgentiE[@ vl BRZSH— T EfEEXAILIFT, GPTI. 5 HIIEEEEEENIR
MBABERAR, OBNERNEBRFE—TEER. General AgentM|ERBIn—H, BIERWE

R, BETEHNHETE, BRUEIA, ERABENCIFHFASEGPTHRINZIM AR, B
Wit R AE I/, EIPEATEERA ZEEE.. BB E SN2 EEEEH TR AN IZERD

., EEREASEBAERNNS, EHRT T, BAERINAZIH, THREX—ERAN. &
EE—1TREER, BLAHMREL, ManusBERm.

= RER
BRI R BRMERE, PETHOSXAl Agent EHINRRINEA

3.1 RWia T =

5/ B AGEAR AN

AgentF{t4, BRHARBIREN (GRIAEZLLM)  EiERERIREET ] feR(E 2 AR AR RZ A
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SManustBtt, ARJUMERMAT LRI R, EHIRFEES, BEMPREIRESIIRTM. KK,
AgentE TEERAEMRKEMREL, RIEFARBEINIIRETR, EBERENSHREMWIINE
e TEMURTREGEH, ERIAZEHRIE. AgentiE PTG A—HERFNME, NURHEBEA
KEETSEEMIES.

EENNEEES

ZRT ARSI, BRMESIEHMAMKR TGCU, EMsTER, EXMMETNRNIEFNET
GUI IR EHSH T HERFE TNEE, YRENTALKMNZN, BEARIRE, Agentse 2R IR
GUINEEEDR, BYBECHESSEHRARTESRRVABHNRE, £, ClaudeffHiBFIMCPIMYE
RIET —HrlEENE, RFAgentEIRBIMCPHESHNEERHITABRE, RABERREREE LA
F. FEBIERSSAgent, ARTERRER,

Qpdid: 0k 3Lk

FIRHEEBMAMNIEF RS R, RERELKE, X2 BILESIR NWEEM. I, SHRE
FOREH TR T 2 EENAM, RENIHERFERFIAIMUN., B, EENSEEETUNMG
EABRENEEARTRENERT, MEREEE. EMERERMARM, AgentthFE#HNIABIRIH
NEEMNGEIFES G, KEEK, RESE (tbMAECEIHETIIE, MNERFPZES, INF—
78, BartoflISuttonfIBIREXE, MIISHTEERRE) . WEFAEZAPEER, World Model3} B SE it
RENEEBER, — M EEERAgentEHPRF, AR ESSHESRRE, MEMEHE
IWEEL, RERABEEFIENBCHAN, SHFHBNEENAGIEZ.,

TEi vs BT

TERRIBINE X BoshiAiiE, AgentERIEEaIHPlanning, A, EBEEHEEFHERSALE
AOEN, MEEENRKE—F, IRELE TIEESVRANESOR, XAXKEHRML. 5
gh, ZDEManusBRITE, PlanningfkSRAE4&MAITODO List, MIILtHREER#AES, ERIEE
S1FEForfEH g While True, X3 EMERIAIReasoning&PlanningfE 11 T ESAIHkEL . SFFA
KHMES, ETERRAINEZER, HMNAINEREELHKMLAWorkflow, AgentTHERE, WEE
=, BAIMERESERNES, BRiMseE2MN. 2%, AFEESESWorkflowHRISE, T
BEZHIEEIMES, ATEIRTEAl AgenthGeneralfE K ELIEKE,
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X vs BAAgent

MAEH SRS THEM, EXAgentEL T TEIFEIZIRNES TRIKRIM, mmi@AAgentlsEE
MNATEESIEN ., EMEARETIGTMAEBFEE, BEELEEsh (WEFE. £/ , S
ENFNRDERE. B, BARRIENATEH, BRENKEEBMENEN, XOETESE
AgenttIfiEs . EMBEEFIEIHIE LHTTHE, FNRIESSM T e EER, b
Workflowf#9igit. TENERZE. BeikE, BAEEEFEESNNESAgent, LIRS IBHY
Cursorfli# 5 itk f9DeepResearch, BAMNFManustB AFEMEES . SHiFARFK, — 1 General
AgentBHE Z MRRINTEA A —FHAgent, HTERENFEIEBANINE, EBES LEFL
12, IHSENSRERAER. HA, KNEIMOEHNARESSX, FEEMAER, FH
AgentBIL BIFFENHE R .

Zif vs I ME

TiRAgentFFREELINL, KRIFERBIRER. MikllAAgentfEAF A4 E, BEBEEIZIARIAF
PRALEIE. RMERAFiRE, EZRAAPSEHMEE, BEEANWEARTE. B 7THFPNILEE
1B, Agentr] \EIFHIEEAF, EZELbthE2IER, BMERFNERTESEMN, HllAgent®E
SEENEAFBERINENEE., ANEECSREEMEEXXE, BRAFNEAN, EaiEEN
BRI, WA, R—AEEMAANIESE, WEMBIIEAATE,

3.3 LRSS A

SEHLIEAT EE R AN

EE=MiGeneral AILILZ A, Trade-offfiZtha—EBEFE, LEUIGITHAS ERIFIA. AKREA
E5HTRE. REMSREN, 5, EREEN—TFEBRT, WEFEXLTrade-off, #MEIE
MOBPAER, tIEEXBIFE&FGeneral Al AgentF* @EIZODAZ 2 —.

ERFIANMDMERR

AINBERZRS T A, NIAENEBNANBYE, ESNEREAENEERSANSRGE, LB
MRS, BETTAHSE. ME, RFIFEMESHERZIRNERBZEBSH, AMtITHH
BT ARKER. EEMNEREREEMNTSE, EAXTEERENEIRTERSSRUARER
R, BMERENBE, BIERMINAINZZAEMMEFESER, UEFSAXBRERNANSHIR
g,
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AlgE#E5E, ABFENHEHABZEED, MEMNFTELIN (ZRIKEKXRT, HAEUXTAE,
FERREFES)) , LS, EAEDRETA, BEAl Agenth BENEIF. SATERBES DN
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